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29AUSENaUVYBY Data Science

Computer Science — MgINITABUNUNDST LU NISIBUIUIWATY, 9aND50Y, MATIASI
Gﬁaﬂﬂa (Data Structure) WuAu

Maths & Statistics — AQIAFANERNS LLaZEDR

Business / Domain Expertise — A113A1UFINT
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yilavasvaya (Type of Data)

a) Structured Data i

b) Unstructured Data *

c) Semi-Structured Data  {:}

JSON




a) VOLAWUUILATIEI N (Structured Data)
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M98 Structured Data

4
A

6 Eterm

7 woocommerce ???
8 adobe xd

9 |bootstrap 4

10 | ??? woocommerce
11 font thai

12 |lorem ipsum

13 font ?2?

14 infographic

15 bounce rate ???

16 google font thai

17 thai font

18 \woocommerce

19 22?927

20 bootstrap

21 getty image ????

22 jquery

23 |responsive web design
24 jlorem ipsum thai
25 landing page

26 thai font for mac
27 | 2222222222222222? html
28 |sukhumvit font

29 infographic ???

30 2?7?2772 wordpress
31 font thai download free
32 responsive

33 \wireframe

34 |sukhumvit set font
35 page speed

36 222222727

257 /9777777777979

site

designil.com
designil.com
designil.com
designil.com
designil.com
designil.com
designil.com
designil.com
designil.com
designil.com
designil.com
designil.com
designil.com
designil.com
designil.com
designil.com
designil.com
designil.com
designil.com
designil.com
designil.com
designil.com
designil.com
designil.com
designil.com
designil.com
designil.com
designil.com
designil.com
designil.com

Aacianil aama

8.17067682
2.73210345
2.52159489
2.33023584
2.09183006
1.99960353
1.60369875
1.35195664
1.32611949
1.25140507
1.13315291
0.94929497
0.91912392
0.84748578
0.77074522
0.75528394
0.70343553
0.68265439
0.62524488
0.61262878
0.60416615
0.59991033
0.58999238
0.57643415

0.5711661
0.56716538
0.55139784
0.55101134
0.54127025
0.53552906

G D B F G H
Popularity Competition Competition_paid Traffic_score Paid_impression_score Share_of_voice Percent_of_traffic

27 40 0 67 15.6731876
59 66 9 61 0.03968074
60 32 0 61 0.03243026
28 23 1 60 3.40286743
23 47 0 60 9.81897263
68 63 0 60 0.012835
22 47 0 58 8.73875751
55 34 6 58 0.07675551

9 45 0 57 45.14197988
20 24 0 57 5.43834797
25 57 0 57 4.65907223
62 72 28 56 0.02017068
22 22 5 56 4.33455945
68 17 0 55 0.00602208

6 11 0 55 26.7051048
62 52 0 55 0.01405276
42 64 22 54, | 0.13143857
14 44 0 54 8.1528485
54 63 42 54 0.02484704
11 51 0 54 22.87633838

6 20 0 54 31.97742702
12 47 0 53 9.87686444
10 43 0 53 13.679723
14 46 5 53 10.23742658

9 51 0 53 27.21822853
45 68 1 53 0.11200085
50 59 14 53 0.07768544
14 55 0 53 5.43973756
54 34 1 53 0.01378355
12 47 0 53 10.61349979
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A19819 Unstructured Data
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OSEMN W 5 9uUnauni1sieua1y Data Science

1. Obtain AUTIUTIMTOYA
Scrub YANUELDINTRYA

Explore 157378y

B

Model vilatnaniee

5. Interpret NFUNLAUD



1. Obtain AUTIVTINTOYA
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Log N3t aulas Aenvawiliou JavaScript 13l3luiuled wetfiunisnseyineng o veld
afesn1siuteyaaniulediou feudeulusunsufatoyanis APl 50 Scrape UayaaIN

v [~4 6
PNl




2. Scrub YA D1AURYA

msmmmavmmaua Uﬁwmmﬂmdu format Az e (31n911498U9 DJ
Patil (2012) WU dumeuMs scrub 1%Laawuwuwaﬂﬂﬁvuﬁm 50-80% w93 OSEMN process

What data scientists spend the most time doing

® Building training sets: 3%
® (leaning and organizing data: 60%
® (ollecting data sets; 19%
Mining data for patterns: 9%
® Refining algorithms: 4%
® Other: 5%




3. Explore d15330948
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4. Model YMlutnasig 9 @519 Model d@nsuianlavinunens

WU INLLAARIS 9 A8 Machine Learning, Deep Learning @1usuyinungna
LN NusRAUEFUALAaZAD LU UITUTZNaUNISITINUNES L TUAL
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5. Interpret N13ULAUD
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VUMBUNNTIN Data Science wqwﬁﬁl 2 : CRISP-DM Process

1. Business Understanding ¥11a1ud1lagsia

N

- Data Understanding ¥inanuinlataya

W

. Data Preparation m‘%mﬁauﬂa
4. Modeline @s19lung
5. Evaluation Usztiiuliiag

6. Deployment dnlulgauy



Step 1: Business Understanding
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Step 2: Data Understanding

Dutunouiazyiaudila as9deuaunIm Lazidentayaiiusiusuuninesld
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Step 3 : Data Preparation
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1. Data Selection [WuTunaUUBIN1ISIABNAILUTNZUNNN g9

a

2. Data Cleansing Wudunaunisminveyaiidmaunfioslsing wu doyalinnienun melunseilal
D3kAIAzARIA LYREN9lh

3. Data Transformation 1Juni1sutasdeyalimnsaud msunisiasisiveyaunau



Step 4: Modeling

Jutupeunisaialune dalunaiinaissuiuy 1wy
v mamenuduitus (Association) Fadunismindinstedudeozlsnioufiudhs

v/ szuuluzi (Recommendation System) Lunsuugihaudviseusnisiietodli Aukldurazau

U (%4 1%

v msusngudeya (Segmentation and Clustering) lunsdnngudoyafifidnwazadiofu dililungs
LAgny

v mssuunussinndeya (Classification) Wunisideuiandeyalusinuazaiiduna (Model) tilemanisel
Mazilezlsiintuselulusunen



Step 5: Evaluation
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Step 6: Deployment
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Booz Allen Hamilton uduusenliaiusnuaumealulaglsaansesuuesnisid Data Science 1u
6 [~3 Y] di Y] 1 6 1 [y} o 1 VY]
aeAnsilu 5 seau eliunginesAnsegluseaulvu wazazluviherlsralatig

5 s=QuyavA1s(s Data Science

Lv.1 Lv.2 Lv.3 Lv.4 Lv.5

Collect Describe Discover Predict Advise

Source: Booz Allen Hamilton



5 5¥AUUBINTS Y Data Science TupIAns

S¥AUN 1
Collect = szauLsn Ao 151g9kudvinezlsiAeaiu Data 1ag ARRIIIS WLASegdle
Tun1s “daAu” Data Lirlanau



5 S¥aUURINSia Data Science 1Ua9ANS

S2AUTl 2

Describe = Szfufiaas Ao 15731 Data a2 AAU30L01TOLANTYIINITIN WaDe
n3wilél Lile “@5une” Data 750l ﬁ’m%’umauﬁﬂmmmqqﬁﬁaLﬁ@ﬂé}’u YU LD
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5 S¥aUYRINSia Data Science 1Ua9ANS

STAUYN 3
Discover = S¥AUNEY AB N5 “AUNIAINAY” 3NVBYa YallazAanant

PP v

Describe L@aztUuasnluiasAnu1Inau ﬁﬂwgamﬂﬂéf 9009l nAtANINYU LY
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5 S¥AUYRINSi Data Science 1Ua9ANS

SAUN 4
Predict = S£AUNE AB A1F “NIU187 UIARA2Y Data bULaAANLSII USDNLST
158171 Business Intellisence HuLe9

Y UTBLANTVINFUAMLA 10 TR1ULN 1@wvinunggene Ui



5 S¥AUYRINSi Data Science 1Ua9ANS

STAUN 5
Advise = S¥AUNM AB N1 “Iu9” A7 Data
Juseauiszuvazaaiaun ansawuzinladl dresinvilulananilsgeandes
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1. Data Analysts %38 6NIATIZRT0LA

Do lunniswideyaiegina wagthuadnsnldndavhssnuasy lnsuansaaly
sULUUsneg iladedmsudldann (Business User) 1tu sUkuuvasdn (Chart) #3o
uATUasn (Dashboard) Wudu uenvniloazdrvulalandmeiussaliduide
ysnTiRTwEteya Wisldszaunuiuiningmanidoyadmivilulinegsideyalu
Fednseluladnnae

Jinwsidnduas Data Analyst Ao nsldvendwislun1svilé wu Excel, Tableau,
Power Bl viiaideulusunsudnenis SOL I iewansmansinszilosiulfidlalédde



2. Data Scientists %198 UNINENFAERIVBYA

inQ 6

1107 Beeiveyalidnaiamailaniiag Wy Ineimanstaya (Data Science)
Wiloataya (Data Mining) maf%auifﬁuauﬂ%iaq (Machine Learning) lage199zn 13m0
Taina (Model) msadinemansduunlval ielsineulandnisgsfavesdldlsldunndiae

Ve iandn esininemansdeya Ao anmiinlanadamansuazadn anunse
Feulusunsy videlvnurendufiiolinesidoyadsants Tnoawlusunsuils flesu
AT LU N1SeUlUSUNIUMIEAIET R, Python ag SQL #Iawanawls RapidMiner



3. Data Engineering 1158 3FIN5U0Y4

GTWLmef%hJﬁaaiﬁﬁmiaﬁ’u;ﬁﬁéﬁmamq L UIUAINVRINITIANITPUATEUY ol
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DATA
SCIENTISTS

AK.A. STATISTICIANS,
DATA MANAGERS

SKILLS

Mathematics,
Programming
Communication

TOOLS

sQL, Python, R

AN

MySsol

e®R

DATA
ENGINEERS

A.K.A. DATA ARCHITECTS,
DATABASE ADMINISTRATORS

SKILLS

Programming
Mathematics

Big Data
<[> l:l o
— Bl
TOOLS

Hadoop, NoSQL, Python

e ¢

(G EElEER

ANULANANNPIUNINYE LaglATaedlantulun1svineIueIunumaie 9 tuaieeu Data

DATA
ANALYSTS

A KA. BUSINESS ANLALYSTS

SKILLS

Statistics
Communication
Business Knowledge

=

TOOLS

Excel, Tableau, SQL

MgSC\JmL‘

+14
yytableau
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Data Engineer Data Scientist Business and

Data Analyst

Customer Logistics  Manufacturing Customer Logistics  Manufacturing Customer Logistics = Manufacturing

S Had
bd g ;{ 0

: v v
P g ada 5
o .“j ‘ ‘ ‘ Logistic and

Marketing  Supply Chain Manufacturing

Individual Solution
Data Overall Solution

o Business Intelligence by Coraline
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pic. https://www.youtube.com/@cosbit
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A19819015 % Data Science : Class Cafe

1739 VUYUNP

cr. https://www.brandbuffet.in.th/



A19819n15 L Data Science : Class Cafe

{Ueandaues Class Cafe wwuluaeg Al, Machine Learning 1W111938lun15%1 Data Prediction,
Data Analytics WieA1AMINgANTIUgNAIITULdLATasRuesls visevuwuilduaindadusiing 9

Y YULBINASOULNN WIBALUULASIRNLUUTUA AL TU89N15 AT IEINUNIUS 1 UNIUL Heat
Map el fiuntugalanlirssdiaulday



A19819015 L Data Science : Class Cafe

“wal Data Aundgymlagnyeunau wu I Heat Map lviuudrdnlauiildaseiinuluts neassluguds
WUITUSaU Tauanandeuentiiidnun AnAlagldinugnld welduiy audisundunite Wudu”

h

A|B|C|D|E|F|G|H|I J|K|L|M|N

Average Monthly Temperatures at Central Park, New York

Jan Feb Mar Apr May Jun Jul Aug Sep Oct Mov Dec

38.0 52.8 50.8

438.9 53.3 62.8 38.8 49.8

5726811 64.1 46.6

B |8 |8 |@ |© [N |o |« |& |» |v |=




A19819n15 L Data Science : Class Cafe

viseluarduniadadiag Nnudi gnandwlvgilunguaseuas mnedud
ANU190FUANUNISVLUDSTIAY WU TAsIN5adamsuning v3adunlluaziin 1W1u14n
Aanssuly Class Cafe o
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A18819N15 Data Science : Netflix

14 Big Data Tun1simsznnguidmvunglunisihddavan ngusdnlasiusiudeyadnuiuuin
YDIANTNUINNTT 100 Sruseunldlunsieseideya adungyuadAgnvinly Netflix Ussau
AUENTA

ynduaunTnues Netflix aduineffuisn Netflix dsfuugtihvesnimeunsSessieluiiandn
AutiuAaTe Tuneuilldlideyaninnisfumdoundmesanidn Tunisussnouuuziildogauiug,
Fevenldfieduu % vesnmeuniimsionuiureuvesanBnudluy wazdoyatviily Netflix
anunsnliveyadntnegnadulssloniiazdnauslansdatugnm

cr. https://stepstraining.co/entrepreneur/4d-example-brand-use-data-for-business



A989N15M Data Science - Spotifty

Spotify lE3as1eviUszLanvawnas wasngAnssunIsianasgnal Insien
comment Lag discussion LNEINULNAY LﬂaLéﬁﬂammé’am’maﬂ@ﬂﬁw LAZILASIZN
LFHNEAY VINUBY AR LﬂaLLuzﬁﬂLwaﬂﬁﬁU@Uﬂﬁﬂ

(Data Science Thailand, 2021)
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(Data Science Thailand, 2021)



%UULLNLM@HM?%N'}WU@Q
SeUUTaUSEYNUT New York Iﬂiﬂaﬁ’NWU%’]u)

Benjamin Brooks, Avishek Kumar wag Syed Ali Asad Rizvi lasiuilaiu 1ilas Syracuse 1 New York
lunsWaunsyuvatvayunisdndulalunsdeuusunisiauresssuuralsenuy

Lﬁaqmﬂimqa%ﬁﬁwwaﬂﬁzmwfgﬂa%ﬁqm&gqLL@'?J 1900 A1 9 Wlvmsasulassadaimmaiiile
g7n 39laTNsARY o Yeuurududemenou Tnealdinglunsgeuusy LLavLﬂﬁauiﬂi%’ﬂaﬁﬂmiaéﬁ
Uszanal 1 aumeaanssie 1 d uslymaenininiglisnalmunisssdounay nieaulnuaeme
1707ign

(Data Science Thailand, 2021)



UUmeaumswmuﬁuaq
seUUTaUSEYNUT New York Iﬂﬁﬂaﬁ’]QWU%’m)

lassnistaesslavirssuvatduayunisdngulalunisyssiliviahniianudesdanisidene
(Preventive maintainance) wiegaunaunviadzwan laglitoyaannn1asgaawat 2004 - 2015 LazUoya
NedfuiviadIusIuuY lngsigiveanyuily Risk score

(Data Science Thailand, 2021)
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(Data Science Thailand, 2021)



- Starbucks

an1suAeT Al 1tiglunsimeideyaraunliinaziliu location-based Tugeiiiundn GIS
139 Geospatial Information Systems saufutayaniluiiuintssvinsluaswini selaveadauunniil
USUUN SRR UYRINANUTINT S1uauliananskasneeuiedlng q uwasdoyadu 9 anunune

Winsinasasiglaaasiu wazwanilslusuias

wAlulad 1oT %38 Internet of Things NaMITUALDINIUAULATEINDAN 9 ATUTIUAIUALATOIT
nuwnlUaudemauemis YibinsansUANUTYaNISYUTDILATEIBYAARALIAT IUANNITAIATIEH
wazUsziliuaramthlaieseduumasagiiynian q Naznanailulaming antdunazvdsisesnly
(Y gj v < = ) Y a | | v Y Y
Fansaausdadulamian ieliliindgymingauldaunsavaniunlvignaile

(Data Science Thailand, 2021)
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